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No. | Feature extraction function | Description Formula Type (T: Time, F: Freq.)
1 mean(s) Arithmetic mean 5= % 21\;1 si T,F
2 std(s) Standard deviation o= \/% 21\:1(3, —3)? T,F
3 mad(s) Median absolute deviation median; (| s; - median;(s;) |) T,F
4 max(s) Largest values in array max;(s;) T,F
5 min(s) Smallest value in array min; (s;) T,F
6 energy(s) Average sum of the square L Zl 182 T, F
7 sma(s1, s2, 83) Signal magnitude area 3 El 12] 1 \sl il T,F
8 entropy(s) Signal Entropy ZD 1(cilog(ey)), ¢ = Sl/Z] i | TF
9 iqr(s) Interquartile range Q3(s) — Q1(s) T,F
10 | autorregresion(s) 4th order Burg Autoregression coefficients a = arburg (s,4) ,a € R! T
11 | skewness(s) Frequency signal Skewness B[(=2)7) F

12 | kurtosis(s) Frequency signal Kurtosis E[(s - 35)Y/E[(s - 5)*? F

13 | maxFreglnd(s) 1st to 4th Largest frequency component argmax;(s;) F

14 | velocity(s) Target velocity(using value of 1st to 4th Largest frequency component) | mazFreqlnd - ¢/2f; cos 6 F

15 maxFreqInd_area(s) Largest frequency component In the specified frequency band argmax;(s;) F

16 | meanFreq(s) Frequency signal weighted average Z:V: 1(Gisg)/ Zjv: 15 F

N : signal vector length, Q : Quartile, T : Time domain features, F : Frequency domain features., s : Sensor data divided for each time window(10000 samples)
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