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Algorithm 1 €7 VEH 7 LTV X A

Require: {W!, W! Qt Q¢ Ltlc,c € C,t € T}

¢/ ey e He

Ensure: W, that obtained other W, .

1: threshold + determinThreshold(get All Accuracy(C))
2: receive, transmit < limitCon fig(Qt, L%)
3: continueT our < true
4: while continueT our do
5: if cn(c, ¢/, t) then
6: predictedQ «+ QL + accuracyRegressor(QL, Q)
7 if predicted@ > threshold then
8: if receive > 0 then
9: WL — (WE+ WE)/2
10: receive < receive — 1
11: end if
12: else
13: threshold < downThreshold(Q%)
14: continue
15: end if
16: mergedQ + evaluate(Wit1)
17: if (mergedQ@ > threshold) V (merged@ > Q%) then
18: threshold < upThreshold(QL)
19: else
20: threshold < downThreshold(Q)
21: end if
22: QU «— mergedQ
23: end if
24: continueT our < decideContinueT our(c)
25: if continueTour = false then
26: break
27: end if
28: Lt « receive + transmit
29: receive, transmit < limitCon fig(Q'T1, Ltt1)

30: end while
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